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Theoretical Foundation

Spatiotemporal cooperation

Project Overview

Motivation: Factory of the Future (FoF) Fundamental limits of localization accuracy

Geometric interpretation
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* A systematic design of localization and decision-making accounting for the latency
In sensing, communication, and computation is still lacking

Algorithms

Research Objective Single value estimate-based localization

Soft information (Sl)-based localization algorithms Blockage intelligence (Bl) for Sl-based localization
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- developed localization algorithms for xG networks according to 3GPP specifications, in
particular indoor factory (InF) scenarios

- disseminated results in publications/tutorials

- https://rings.winslab.lids.mit.edu/

— FR2 results (28GHz, 400MHz BW)

« Localization results using DL-TOA, UL-TOA,
RTT, and AOD (in FR2) measurements

« Sl and Bl can provide a significant performance gain, especially in Case Il with less infrastructure
« Sl-based localization always outperforms WLS-based and WLS+BI-based localization
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